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Overview

Data Quality (DQ) Monitoring and Rules
Management are essential components
of any enterprise data governance
program. When implemented

correctly, they reduce risk, improve
operational efficiency, and build
organizational trust in data.

This guide offers best practices in two phases of maturity:
 Level 1 - Ad-hoc action
 Level 2 - Informed execution

Each level presents critical practices for rule design, monitoring
implementation, stakeholder collaboration, and governance
alignment, incorporating industry-aligned principles without naming
specific frameworks. These stages enable teams to start small

and scale thoughtfully. A well-structured DQ program leads to
increased confidence in business decisions, improved compliance
posture, and a more data-literate culture across the enterprise.
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Purpose

Level 1 represents the foundational
stage of DQ Monitoring and Rules
Management. Organizations at this level
are typically grappling with frequent
data errors, inconsistent reporting,

or manual rework, but have not yet
established formalized processes to
detect or prevent data quality issues.

The primary goal at this stage is to build visibility into key data quality
problems through simple, high-value rules and lightweight monitoring
practices. Efforts should focus on identifying the most critical data
elements, implementing basic checks (e.g. nulls, duplicates, invalid values),
and surfacing issues in ways that are easy to interpret and act on.

Success at Level 1 is not measured by coverage or automation, but by the

ability to surface and respond to obvious issues quickly. This means prioritizing:

Rules that align closely with business pain points or known error hotspots.
Monitoring that fits naturally into existing data workflows.
Clear communication of rule violations to build awareness and buy-in.

The emphasis is on low-effort, high-impact practices that create
momentum, inform early decisions, and establish a shared
understanding of what “good” data looks like across the business.
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Common triggers

Organizations typically recognize the need
for structured DQ monitoring after:

- A high-profile data error erodes
stakeholder trust.

- Repeated manual data cleanup consumes
too many resources.

- Urgent business needs expose gaps
In data readiness.

 Leaders begin questioning data reliability
in reports or dashboards.

These moments often create the organizational will
to invest in systematic improvements.

These triggers should be captured and
documented, as they serve as future reference
points to evaluate the impact of DQ improvements.

Getting started: rule design

At Level 1, teams should focus on building
and implementing simple but impactful rules:

Recommended rule types

Completeness

Null checks on key fields.

Validity
Format compliance
(e.g. date formats, postal code masks).

Uniqueness

Duplicate detection in primary identifier fields.

Value range checks

Acceptable numerical thresholds.

Tips for early rule design

Port logic fromm manual reports
or dashboards when possible.

Focus on datasets with frequent errors
or manual workarounds.

Start with critical data elements
(CDEs) - fields directly tied
to business processes.

Include a plain-language description
for each rule.

Also, prioritize rules where the business
impact of a failure is easily understood.
Simple examples that resonate with
users are more likely to build support and
participation across the organization.
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Monitoring implementation

Monitoring at Level 1 can be light-touch but should
establish discipline:

Batch monitoring

Schedule daily or weekly rule
checks aligned to data loads.

Manual logging

Track rule violations in shared
logs or simple dashboards.

Thresholds

Define what counts as a breach
to avoid alert fatigue.

Action steps

Identify a few high-risk
01 - .
tables to monitor.

02 > Set up email alerts or task

reminders when violations occur.

Record patterns over time
03 » |
to build awareness.

Begin associating rule violations

04 » |, : "
with upstream* or downstream
business processes.

*e.g. CRM data entry, batch ingestion

**e.g. financial reporting, member communications

Keep in mind that alert fatigue can undermine
adoption, so thresholds must reflect
business priorities, not arbitrary limits.
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People and roles

At this level, the rule builders and data consumers
may be loosely aligned.

FOcus on:;

Involving business users to define what
good data looks like.

Translating expectations into logic
that technical teams can implement.

Assigning informal ownership to datasets
and rule maintenance.

Encourage teams to build familiarity with

the datasets and the use cases they support.
Consider designating a ‘rule champion’

for key domains to centralize knowledge

and feedback loops.

Governance considerations

- Require that every rule has a description
of its intent.

« Document who created the rule and who
approves it.

« Avoid rule duplication by establishing scalable
naming conventions (e.g. BU_Department_
RuleName) that support future growth and reduce
rework as the rule library expands.

- Keep a shared rule inventory, even
if in spreadsheet form.

« Begin distinguishing between rules for monitoring
versus rules for enforcement or remediation.

This stage is also a good opportunity to define core
data quality terminology — such as what constitutes
a “rule,” “i exception,” or “threshold” — as well

n i

issue,
as key dimensions like completeness, validity, and
consistency. Aligning on these definitions early helps
ensure consistency across teams as monitoring
expands and more stakeholders get involved.

Value realization

Even at Level 1, monitoring can:

Reduce repetitive rework.

Support ad-hoc business decisions
with more confidence.

Act as a forcing function for
identifying bbroken processes.

Provide clarity to stakeholders
about the current state of data.

Track anecdotal wins, time saved, and any
visible improvements in data accuracy.
These serve as powerful tools to justify further
investment in additional capabilities.
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By completing Level |, your organization
now has a functional foundation for

DQ monitoring: basic rules are in place,
critical data assets are being observed,
and teams are responding to visible
ISsues. You've created shared language,
demonstrated tangible value, and built
awareness of how poor data quality
Impacts business outcomes.

At this point, youre ready to move from
reactive insights to proactive, scalable
monitoring. Level 2 focuses on expanding
coverage, enriching rule logic, integrating
monitoring into operational workflows,
and establishing sustainable governance
that supports continuous improvement.
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Purpose

At Level 2, the organization is moving

from reactive to proactive. Rules are

more sophisticated, coverage is expanding
across domains, and there is growing
alignment between data governance,
operations, and strategic business goals.
This stage is where monitoring becomes

a sustained capability, and data quality
iInsights become inputs into enterprise
decision-making.

Expansion strategy

At this stage, organizations must decide how to balance going
deeper and going wider in their DQ monitoring program:

» Going deeper involves adding more complex, conditional, or cross-table rules

to already monitored datasets, enhancing rule logic to detect nuanced issues.

« Going wider means extending monitoring coverage to new datasets,
domains, or business units that haven’t yet been instrumented.
Recommended drivers for prioritization
Business value or financial impact of data-driven decisions.
Known high-risk or error-prone data sources.
Requests from data consumers or executive sponsors.
Frequency and severity of past quality issues in specific domains.

To formalize prioritization, assign a value or risk score to each data
asset-factoring in stewardship maturity, history of quality incidents,
business criticality, and regulatory exposure. This helps ensure
monitoring expansion is intentional, aligned, and impactful.
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Rule complexity and reuse

As rules grow in numlber and sophistication,
mManaging complexity becomes critical
to scalability and transparency.

Best practices

Create modular, reusable rules with
documented parameters to support
multiple use cases.

Implement approval and versioning workflows
to control changes and ensure accountability.

Establish traceability to track where
each rule is used, who maintains it,
and what business process it supports.

Separate reusable logic (e.g. email format
validation) from context-specific business rules
(e.g. preferred contact method for marketing)
to reduce duplication.

Provide targeted training for rule designers

on how to structure scalable, well-documented,
and business-aligned rules-covering topics like
parameterization, naming standards, auditability,
and stakeholder communication.

Monitoring at scale

Monitoring should now be:
« Automated and integrated into data pipelines.

» Threshold-based, with escalating alerts
ads necessary.

« Accessible, via dashboards or catalog tools
for stewards and analysts.

Key metrics to track:
- Percentage of datasets under active monitoring.
- Average time to resolve rule violations.

« Frequency of recurring violations
(root cause not addressed).

« Percentage of rule breaches tied to specific
business impact.

Embed DQ results into tools and workflows used
by the business. Quality scores should be visible
at the point of data consumption.

Organizational alignment

At this stage, Data Quality monitoring should
actively support key business functions such as:

- Regulatory compliance and audit readiness.

« Customer-facing analytics and operational
processes.

- Strategic planning and enterprise reporting.
To ensure alignment across the organization:

« Embed DQ status and issue visibility into data
catalogs or discovery tools.

. Connect DQ metrics to business KPIs (e.g. member
satisfaction, claim processing time, NPS).

- Involve data stewards and domain owners in
regular quality reviews and remediation planning.

 Create feedback loops between rule results and
data consumers to refine thresholds, adjust rules,
or uncover new monitoring opportunities.

DQ monitoring should be positioned as

a shared service that delivers value across
functions, while also establishing shared
accountability for rule ownership, issue resolution,
and continuous improvement.
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Governance framework Rule lifecycle management Change control

: . Define and enforce a structured lifecycle to track Prevent silent or unintended edits by instituting
To ensure consistency, trust, and scalability , o , -
: L : : each rule’s status and control its use. versioning protocols and change tracking policies.
in DQ Mmonitoring, formalize the following
governance components. These steps not Typical stages include: -> How to implement
only support operational efficiency, but also « Draft:

« Store all rules in a centralized repository

confidence in your DQ practices. i
e Under review:

Being vetted by stakeholders
(e.g. data stewards, owners, SMEs).

« Require rule designers to include a change
description and expected impact before
submitting updates.

e Approved:

- Configure automated notifications to alert
Validated and ready for production.

stakeholders (e.g. downstream data consumers,
« Deprecated: compliance leads) when key rules are modified.

Outdated, replaced, or no longer applicable. + Maintain both major and minor version tags

> How to implement (e.g. V1.0 vs. V1) to clarify change severity.

« Use your DQ platform or an integrated workflow
tool (e.g. Jira, ServiceNow, or cataloging tools with
rule registries) to track rule status and enforce
stage transitions.

« Require approvals from designated reviewers
before advancing rules to “Approved.”

- Automate lifecycle status tracking where possible,
and display current rule status within your
monitoring dashboards.
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Rule ownership and accountability
Define who is responsible for each rule
—both functionally and technically.

=> How to implement

« Assign Business Owners who define what
the rule should do and why it matters.

+ Assign Technical Stewards or engineers who
implement, test, and maintain the rule logic.

« Use role-based assignment in your catalog
or rule registry so that ownership metadata
IS visible and queryable.

« Set SLAs for responding to rule violations
or remediation needs.

Documentation standards

Every rule should be fully described to promote
reusability and reduce misinterpretation.

=> How to implement

- Create a standard rule template
with fields such as:

Intent statement:
What is the rule checking for and why?

Logic/Condition:
The expression or algorithm used.

Business context:
Which team, process, or policy it supports.

Parameters:
Any adjustable thresholds or conditions.

Examples:
Sample passing/failing records.

Dependencies:
Other rules or datasets required.

« Store documentation in a searchable repository
or embed it within the rule's metadata object.

Auditability

Track all changes to ensure transparency and
compliance with internal or external controls.

=> How to implement

- Use audit logging features in your DQ tool
to automatically capture who changed what,
when, and why.

 Ensure logs are immutable
(e, read-only and versioned).

- Tie rule changes to monitoring outcomes
— for example, did a rule change coincide with
a drop in quality scores or an uptick in exceptions?

- Periodically review audit logs during internal
governance reviews or data quality audits.

Integration tip

Where possible, integrate rule metadata

with broader governance tools — like your
data catalog or business glossary. This allows
data users to see rule coverage and quality
status when browsing datasets, ensuring
transparency and reinforcing the data
governance framework.
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Real-time vs. scheduled monitoring Final thoughts

Not every use case requires real-time alerts. Choose based on:

- Whether immediate decisions are made on the data. Data Quality Monitoring and Rules
- The availability of personnel and processes to investigate and resolve issues promptly Management are never ‘done’ — they

(e.g. dedicated data stewards, support SLAs, or on-call analysts for critical pipelines). evolve with the business, technology,
- The system’s technical capacity for streaming or event-based evaluation. and data landscape. By establishing
When in doubt, start with scheduled checks — optimize later. If a rule breach is not acted strong foundations at Level 1 and scaling
on until a weekly meeting, daily monitoring may be sufficient. Always balance monitoring with intention at Level 2, organizations can
frequency with actionability. reduce risk, improve agility, and boost trust

in their data.

Program sustainabilit
9 Y Make each rule, metric, and monitoring

Tie DQ to broader data governance success: cycle count toward real business value.
Stewardship: Percentage of datasets with named stewards. That is the true north star for any dato
Quality confidence: Percentage of stewards confident in their data’s quality. quality initiative.

Issue reduction: Measurable decrease in reactive data issues.

Alignment: Percentage of monitored datasets aligned to key business processes.

Use feedlback mechanisms to evaluate program effectiveness over time.
Continue tracking the same pain points that initiated the DQ effort
to demonstrate resolution.
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Wed love to hear
your feedback

This guide is part of an ongoing conversation
about what good looks like in data management.

If you have thoughts, reactions, or questions, we want to hear them.

Email us directly at: value@ataccama.com

Interested in a deeper conversation? We're happy to set up
a quick call to dive into your context and challenges.

Your input helps us improve and shape future content
that truly serves the data community.

Contact us
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